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ABSTRACT

With the recent rapid development of artificial intelligence (Al) technology, its use is gradually expanding to
include creative areas and building new content using generative Al solutions, reaching beyond existing data
analysis and reasoning applications. Content creation using generative Al faces challenges owing to technical
limitations and other aspects such as copyright compliance. Nevertheless, generative Al may increase the
productivity of experts and overcome barriers to creative work by allowing users to easily express their ideas
as digital content. Thus, various types of applications will continue to emerge. As images and videos can be
created using text input on a prompt, generative Al allows to create and edit digital assets quickly. We present
trends in generative Al technology for images, videos, three-dimensional (3D) assets and scenes, digital humans,
interactive content, and interfaces. In addition, the prospects for future technological development in this field

are discussed.
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UX Professionals Use Generative Al
Tools Mostly for Content Work
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LLM Large Language Model

NPC Non-Player Character

PCG Procedural Content Generation
PCGRL PCG via Reinforcement Learning
VAE Variational AutoEncoder
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